Abstract
We consider the analysis of the Brazilian industrial production index using recently developed tools for time series. The main purpose is the short-term forecast and structural decomposition of the series through an autoregressive model that allows, but not imposes, nonstationary behaviour. A very strong point is that we incorporate all kinds of uncertainties by averaging forecasts across competing models, weighted by their posterior probabilities. This is di erent than traditional analyses that put probability one on a particular model. 1980 1982 1984 1986 1988 1990 1992 1994 1996 1998 1980 1982 1984 1986 1988 1990 1992 1994 1996 1998 Prior Speci cation (Huerta and West (1999)) Upper bounds: C + and R + , so p + = 2C + + R + .
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Conclusions
We re-analysed the Brazilian industrial production index using a Bayesian methodology based on a new class of prior distributions for AR models.
It was shown how a uni ed approach is able to deal simultaneously with model uncertainty, inference on latent structure, perhaps of quasi-cyclical nature, inference on unitary roots or stochastic trends and forecasting. Our model avoids the imposition of trends and polynomial seasonal components to capture structure and multiple signi cant tests to show the presence of an underlying stochastic trend.
